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6"n of Three Kalman Filters Using a Large Atmospheric General Circulation Model Ensemble
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Filter Methodology Computational Setup Results
This study tests three filters: the Ensemble The filters are tested using large ensembles of an The plots below show spatially averaged
Kalman Filter (EnKF; Evensen, 2003), the atmospheric general circulation model, the differences in RMSE for various observation
Ensemble Adjustment Kalman Filter (EAKEF; Community Atmosphere Model 6, which is the types. The top panel compares EnKF versus
Anderson, 2003), and the Ensemble Kalman atmospheric component of the Community Earth EnKF-esops, while the second compares
Filter with exact second order perturbation System Model (CESM). The experiment is conducted EAKF versus EnKF-esops.
sampling (EnKF-esops; Hoteit et al., 2015). with three different ensemble sizes of 250, 500 and
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